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Abstract: The ability to accurately forecast power 
generation from renewable sources is nowadays 
recognized as a fundamental skill to improve the 
operation of power systems. The performance of the 
various forecast models are affected by many elements 
of uncertainties, and in the opinion of the authors it is 
not always clear how single choices (e.g., the choice of 
a specific prediction methodology over another) or 
different factors (e.g., meteorological forecasting 
errors) contribute to the final prediction error (i.e., in 
terms of predicted vs. actual power generation). 
Actually, the vast majority of the current related works, 
including the past references, by and large propose a 
solitary system to play out the power forecasting task, 
and contrast their outcomes and other essential 
calculations, while examinations among various 
progressively modern methodologies can not be 
handily done. Despite the general interest of the power 
community in this topic, it is not always simple to 
compare different forecasting methodologies, and infer 
the impact of single components in providing accurate 
predictions. In this work we extensively compare 
simple forecasting methodologies with more 
sophisticated ones over photovoltaic plants of different 
size and technology over a whole year. Also, also try to 
evaluate the impact of weather conditions and 
weather forecasts on the prediction of PV power 
generation.  
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I INTRODUCTION 

Power generation from PV plants mostly depends on 
some meteorological variables like irradiance, 
temperature, humidity or cloud amount. For this reason, 
weather forecasts are a common input to forecasting 
methodologies for PV generation. Depending on the 
specific problem at hand, forecasts may be also 
necessary at different spatial and temporal scales, as 
from high temporal resolutions (i.e., of the order of 
minutes) and very localized (e.g., off-shore wind farms) 
to coarser temporal resolutions (e.g., hours) and 
covering an extended geographical area (e.g., a region 
or a country) for aggregated day-ahead power 
dispatching problems. At the same time, very different 
approaches and methodologies have been explored in 
the literature, based on statistical, mathematical, 
physical, machine learning or hybrid (i.e., a mix of the 
previous) approaches. For example, [3] uses fuzzy 
theory to predict insolation from data regarding 
humidity and cloud amount, and then uses Recurrent 
Neural Networks (RNNs) to forecast PV power 
generation. Autoregressive (ARX) methods are used in 
[7] for short-term forecasts (minute-ahead up to two 
hour-ahead predictions) using spatio-temporal solar 
irradiance forecast models. A forecasting model for solar 
irradiance for PV applications is also proposed in [8]. The 
presence of particulate matter in the atmosphere 
(denoted as Aerosol Index (AI)) is used in [9] to support 
an artificial neural network (ANN) to forecast PV power 
generation. As for the specific day-ahead hourly 
forecasting PV power problem, [10] use add a least-
square optimization of Numerical Weather Prediction 
(NWP) to a simple persistence model, to forecast solar 
power output for two PV plants in the American 
Southwest.  
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Figure 1: Photovoltaic power generation. 

A multilayer perceptron was used in [11] to predict the 
power output of a grid-connected 20-kW solar power 
plant in India. A stochastic ANN was adopted in 
combination with a deterministic Clear Sky Solar 
Radiation Model (CSRM) to predict the power output of 
four PV plants in Italy. A weather-based hybrid method 
was used in [13] as well, where a self-organizing map 
(SOM), a learning vector quantization (LVQ) network, a 
Support Vector Regression (SVR) method and a fuzzy 
inference approach were combined together to predict 
power generation for a single PV plant. In [14] Extreme 
Learning Machines (ELMs) are used to predict the power 
generation of a PV experiment system in Shanghai. 
Finally, we refer the interested readers to the two 
recent works [15-30], and to the references therein, for 
an extensive review of the literature. A Global Energy 
Forecasting Competition (GEFCom2014) has recently 
allowed different algorithms to be compared, in a 
competitive way, to solve probabilistic energy 
forecasting problems, for a detailed description of the 
outcome of the competition. GEFCom2014 consisted of 
four tracks on load, price, wind and solar forecasting. In 
the last case, similarly to this work, the objective was to 
predict solar power generation on a rolling basis for 24 
hour ahead, for three solar power plants located in a 
certain region of Australia (the exact location of the 
solar power plants had not been disclosed to the 
participants of the competition). An interesting result of 
the competition was that all the approaches that 
eventually ranked at the first places of the competition 
were nonparametric, and actually consisted of a wise 
combination of different techniques.  

Be that as it may, note that the opposition just kept 
going under a quarter of a year, in this manner not 
permitting one to approve the last position over various 
seasons, and just included three PV plants. From this 
point of view, our work expands the aftereffects of the 
opposition by further looking at similar calculations that 

positioned at the primary spots of the opposition over a 
more extended skyline of time, and over a more 
variegate set of various PV plants. 

1. The main objective is to benchmark different 
forecasting techniques of solar PV panel 
energy output. Towards this end, machine 
learning and time series techniques can be 
used to dynamically learn the relationship 
between different weather conditions and the 
energy output of PV systems.  

2. Four ML techniques are benchmarked to 
traditional time series methods on PV system 
data from existing installations. This also 
required an investigation of feature 
engineering methodologies, which can be 
used to increase the overall prediction 
accuracy. 

II LITERATURE REVIEW 

In this section an overview of the previously proposed 
papers is given this will ultimately help to examine the 
disadvantages, advantages as well as the proposed 
work. 

In this paper [22] creator presented Photovoltaic (PV) 
power age is described by noteworthy fluctuation. Exact 
PV conjectures are an essential to safely and monetarily 
working power systems, particularly on account of 
enormous scope infiltration. In this paper, we propose a 
probabilistic spatio-worldly model for the PV power 
creation that abuses creation data from neighboring 
plants. The model gives the total future likelihood 
thickness capacity of PV creation for extremely 
momentary skylines (0-6 hours). The strategy depends 
on quantile relapse and a L1 punishment procedure for 
programmed choice of the information factors. The 
proposed displaying chain is basic, making the model 
quick and adaptable to coordinate on-line application. 

http://www.irjeas.org/
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The presentation of the proposed approach is assessed 
utilizing a certifiable experiment, with a high number of 
geologically disseminated PV establishments and by 
examination with cutting edge probabilistic strategies.  

In this paper [23] creator proposed Integration of high 
volume (high infiltration) of photovoltaic (PV) age with 
power frameworks therefore prompts some specialized 
difficulties that are principally because of the irregular 
idea of sun based vitality, the volume of information 
associated with the shrewd network design, and the 
effect power electronic-based brilliant inverters. These 
difficulties incorporate converse force flow, voltage 
fluctuations, power quality issues, dynamic strength, 
huge information difficulties and others. This paper 
examines the current difficulties with the flow level of 
PV infiltration and investigates the difficulties with high 
PV entrance in future situations, for example, keen 
urban areas, transactive vitality, multiplication of 
module half breed electric vehicles (PHEVs), conceivable 
obscuration occasions, enormous information issues and 
ecological effects. Inside the setting of these future 
situations, this paper checked on the current 
arrangements and gives bits of knowledge to new and 
future arrangements that could be investigated to at last 
location these issues and improve the brilliant matrix's 
security, unwavering quality and flexibility.  

In this paper [24] creator proposed Solar vitality is 
assuming an essential job in repaying the electrical 
vitality as there is deficit in this vitality because of more 
interest and decay patterns of ordinary wellspring of 
energies depletion of powers like coal, oil, regular gases 
and steady of natural and climatic changes to adapt up 
this photovoltaic establishment is being done in an 
electrical framework to redress and improve the vitality. 
A photovoltaic establishment in an electrical framework 
is produced using the get together of different 
photovoltaic units that utilizes sun oriented vitality to 
create the power in a less expensive manner from sun 
power. Till now the utilization and extent of sunlight 
based vitality is restricted and has not reached upto 
masses Moreover the productivity of the framework is 
additionally low because of which the yield isn't 
adequate when contrasted with contribution as in some 
introduced instance of sun powered board it has been 
seen that proficiency isn't more that 27%. To make it 
flexible and progressively valuable for the majority more 
up to date patterns and advancements will help. These 
have talked about in this paper.  

In this paper [25] creator proposed Solar force's 
inconstancy makes overseeing power framework 
arranging and activity troublesome. Encouraging an 
elevated level of coordination of sun based force assets 
into a matrix requires keeping up the major force 
framework with the goal that it is steady when 
interconnected. Exact and solid anticipating assists with 
keeping up the framework securely given huge scope 
sun oriented force assets; this paper consequently 
proposes a probabilistic guaging way to deal with 

sunlight based assets utilizing the R insights program, 
applying a half breed model that considers spatio-
transient idiosyncrasies. Data on how the climate 
changes at locales of intrigue is frequently inaccessible, 
so we utilize a spatial demonstrating system called 
kriging to assess exact information at the sunlight based 
force plants. The kriging technique executes 
introduction with topographical property information. In 
this paper, we perform day-ahead conjectures of sun 
based force dependent on the likelihood in one-hour 
spans by utilizing a Naïve Bayes Classifier model, which 
is a grouping calculation. We expand determining by 
considering the general information dissemination and 
applying the Gaussian likelihood dispersion. To approve 
the proposed mixture estimating model, we play out a 
correlation of the proposed model with a steadiness 
model utilizing the standardized mean total mistake 
(NMAE). Moreover, we utilize exact information from 
South Korea's meteorological towers (MET) to interject 
climate factors at focal points.  

In this paper [26] creator proposed Photovoltaic 
frameworks have gotten a significant wellspring of 
sustainable power source age. Since sunlight based 
force age is inherently profoundly subject to climate 
variances, anticipating power age utilizing climate data 
has a few monetary advantages, including dependable 
activity arranging and proactive force exchanging. This 
examination manufactures a model that predicts the 
measures of sunlight based force age utilizing climate 
data gave by climate organizations. This examination 
proposes a two-advance demonstrating process that 
associates unannounced climate factors with reported 
climate estimates. The exact outcomes show that this 
methodology improves a base methodology by wide 
edges, paying little heed to sorts of applied AI 
calculations. The outcomes additionally show that the 
arbitrary backwoods relapse calculation plays out the 
best for this issue, accomplishing a R-squared estimation 
of 70.5% in the test information. The transitional 
demonstrating process makes four factors, which are 
positioned with high significance in the post-
examination. The built model performs practical one-
day ahead expectations. 

Table 1: Summary of Computational Methods.  

Authors Methods Purpose
s 

Tasks 

XwegnonGhislain
Agoua, Robin 
Girard and 
George 
Kariniotakis [22] 

L1 
penalizati
on 
technique 

The 
propose
d 
modelin
g chain 
is 
simple, 
making 
the 
model 
fast and 

The 
performan
ce of the 
proposed 
approach 
is 
evaluated 
using a 
real-world 
test case, 
with a high 

http://www.irjeas.org/
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scalable 
to direct 
on-line 
applicati
on. 

number of 
geographic
ally 
distributed 
PV 
installation
s.  

Temitayo O [23] Integratio
n of high 
volume 
(high 
penetrati
on) of 
photovolt
aic (PV) 

This 
paper 
reviewe
d the 
existing 
solution
s and 
provide
s 
insights 
to new 
and 
future 
solution
s that 
could be 
explore
d 

This paper 
investigate
s the 
existing 
challenges 
with the 
current 
level of PV 
penetratio
n and 
looks into 
the 
challenges 
with high 
PV 
penetratio
n.  

AadeshArya [24] Solar 
energy is 
playing a 
pivotal 
role in 
compensa
ting the 
electrical 
energy 

Till now 
the use 
and 
scope of 
solar 
energy 
is 
limited 
and has 
not 
reached 
upto 
masses 

The output 
is not 
sufficient 
as 
compared 
to input as 
in some 
installed 
case of 
solar panel 
it has been 
observed 
that 
efficiency 
is not 
more that 
27%. 

Seungbeom Nam 
and Jin Hur [25] 

kriging 
method 

The 
propose
d model 
with a 
persiste
nce 
model 
using 
the 
normali
zed 
mean 
absolut
e error 
(NMAE). 

Meteorolo
gical 
towers 
(MET) to 
interpolate 
weather 
variables 
at points 
of interest. 

In the above table 1 the comparative analysis over 
previously used algorithms is given. 

 

III PROBABILISTIC BASED FORECASTING APPROACHES 

Probabilistic forecasting sums up what is thought about, 
or suppositions about, future occasions. As opposed to 
single-esteemed figures, (for example, forecasting that 
the greatest temperature at a given site on a given day 
will be 23 degrees Celsius, or that the outcome in a 
given football match will be a no-score draw), 
probabilistic estimates dole out a likelihood to every one 
of various results, and the total arrangement of 
probabilities speaks to a likelihood gauge. Subsequently, 
probabilistic estimating is a sort of probabilistic 
characterization.  

 

Climate forecasting speaks to a help where likelihood 
gauges are now and again distributed for open 
utilization, in spite of the fact that it might likewise be 
utilized by climate forecasters as the premise of a more 
straightforward sort of estimate. For instance, 
forecasters may consolidate their own experience along 
with PC produced likelihood conjectures to build a 
gauge of the sort "we anticipate overwhelming 
precipitation".  

 

Sports wagering is another field of use where 
probabilistic forecasting can assume a job. The pre-race 
chances distributed for a pony race can be considered to 
relate to an outline of bettors' suppositions about the 
presumable result of a race, in spite of the fact that this 
should be tempered with alert as bookmakers' benefits 
should be considered. In sports wagering, likelihood 
figures may not be distributed in that capacity, however 
may underlie bookmakers' exercises in setting take care 
of rates, and so forth.  

 

With sunlight based force, its conceivable to foresee the 
creation knowing current and the previous data about 
the climate and the irradiance. Different scientists have 
proposed forecasting instruments with great outcomes 
anyway an opportunity to get better despite everything 
exists. There are two symmetrical roads of progress in 
this area, one is more efficient calculation structure for 
estimating and second is identification and 
quantification of the impact of boundaries on figure. In 
this paper we endeavor to improve the best in class in 
both the measurements.  

Our first commitment is assessment of gauge of sunlight 
based irradiance utilizing verity of AI relapse 
calculations.  

• Artificial Neural Network-Ensemble Approach  

http://www.irjeas.org/
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ANNs are a wide class of legitimate structures 
uninhibitedly roused by the human cerebrum. They are 
limitlessly utilized in PV estimating. This is affirmed by 
the way that practically 25% of the papers proposed in 
the writing on this subject are ANN-based. The design 
received in this article is the Multi-Layer Perceptron 
(MLP). Its architecture consists of three parts: input 
layer, at least one hidden layer and output layer. Each 
layer receives the inputs from the preceding layer and, 
by means of weighting, translation, and a nonlinear 
transformation, passes them to the next layer. The input 
layer processes the original input vector, while the 
output layer passes the processed values to the user. In 
this work an ensemble technique has been exploited 
within the ANN approach. 

• Decision Tree Technique  

Decision trees are composed of a series of If/Else rules 
on the regressors that lead to the output of the model. 
To predict a response, the user must follow the 
decisions in the tree from the root node down to a leaf 
node. This last node contains the response. The If/Else 
rules are also known as splits, while the regressors are 
often called attributes in this context. There are several 
techniques for the design and implementation of a 
decision tree. In this work CART (Classification and 
Regression Trees) methodology has been employed. 
CART can process nominal and continuous attributes 
both as targets and predictors. Given a training set, the 
algorithm grows the tree to its full size and then prunes 
it by eliminating the splits that give a little contribution 
to the overall performance and could produce 
overfitting.  

The splits are chosen by inspecting all the possible cases 
on each attribute. Each possible splitting value divides 
the data that has reached the node into two groups. 
CART produces a sequence of nested pruned trees that 
are candidate final trees. The final tree must be chosen 
by a comparison on a separate validation set. 

 

IV PROBLEM DEFINITION 

Some limitations were done to clarify the scope of the 
study.  

1. Five established prediction models were 
chosen beforehand. The models that will be 
implemented and compared are: Lasso, 
ARIMA, K-Nearest Neighbors (KNN), Gradient 
Boosting Regression Trees (GBRT), and 
Artificial Neural Networks (ANN). These 
models have been selected based on their 
tendency to perform well in previous research 
of energy forecasting.  

2. The focus will be placed in benchmarking ML 
and time series techniques. Many of the above 
models are generic and therefore do most of 
them have a wide range of different model 
set-ups. The aim is to give a general overview 

of the relative performance of the methods 
rather than investigating a specific model in 
depth. 

 

V CONCLUSIONS 

 In this sectionan overview of probabilistic based 
forecasting methods are given. These method can be 
used to then determine loss mechanisms on a local scale 
- such as those from snow or the effects of surface 
coatings (e.g. hydrophobic or hydrophilic) on soiling or 
snow losses. 
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